
SUPPLEMENTARY TABLE LEGENDS 
 
 
Supplementary Table 1: Clinical characteristics of ALL patient samples 
 
Clinical characteristics of ALL patient samples used for in vitro and in vivo experiments. 

POG9900=vincristine, dexamethasone, PEG-asparaginase, and intrathecal methotrexate. 

CALGB8811=induction therapy including cyclophosphamide, daunorubicine, vincristine, 

prednisone, and L-asparaginase. CNS2=WBC count <5cells/μl of CSF and blasts present 

on cytocentrifuge examination. CNS3=WBC count > 5 cells/μl of CSF with blasts 

present on cytocentrifuge examination. Hypodiploid= <45 chromosomes per leukemia 

cell. n/a=not available. 

 

Supplementary Table 2: CD47 expression predicts survival in ALL patients 

(A) Number of patients at risk in CD47 high and low-expressing groups is shown from 

the Kaplan-Meier analysis presented in Figure 2A and in Figure 2B (B).   

 

Supplementary Table 3: Multivariate analysis of CD47 prognosis in high-risk 

pediatric ALL patients 

Multivariate analysis of prognostic covariates was performed for patients analyzed for 

CD47 expression in Figure 2B. 

 

 

 
 
 
SUPPLEMENTARY METHODS 
 



 
ALL microarray gene expression data and statistical analysis 

Gene expression and clinical data were analyzed for three previously described 

cohorts of ALL patients: 1) a dataset of 360 pediatric ALL patients with B- and T-ALL, 

diverse risks and corresponding therapies (16) including a subset (n=205) with available 

data on disease free survival (1).   Data were obtained from St. Jude Children’s Research 

Hospital (2, 3); 2) a dataset of 207 pediatric B-precursor ALL patients with high-risk 

features uniformly treated through the Children’s Oncology Group Clinical Trial P9906 

(4) obtained from NCBI (GSE11877); and 3) 254 pediatric ALL patients registered to 

Pediatric Oncology Group trials stratified for the presence of recurrent cytogenetic 

abnormalities and remission versus failure within each cytogenetic group (5) with data 

obtained from the National Cancer Institute caArray (6).  Affymetrix probeset summaries 

were derived from the corresponding microarray raw CEL data files using a Custom Chip 

Definition File derived from NCBI Reference Sequences (version 12) (7), and then 

normalized using MAS 5.0 using BioConductor (8).  For survival analyses, 

NM_198793_at was selected as the probeset to represent CD47 mRNA based on it 

demonstrating highest expression among the 3 probesets for CD47 on the microarrays 

(Figure 1B), and based on its exonic structure capturing the CD47 splice variant 

expressed in hematopoietic tissues.   

The relationship of CD47 mRNA expression and outcomes as continuous 

variables was assessed using univariate Cox proportional-hazards analysis, with disease 

free or overall survival as the dependent variable (9).  Using the coxph function in the R 

statistical package, the Wald test was used to assess the significance of each covariate, 

represented by the base-2 logarithms of CD47 mRNA expression.  For dichotomous 



stratification of CD47 expression, we used maximally selected chi-square statistics as 

implemented within X-tile to define an optimal threshold (10).   To guard against 

erroneous overestimation of p-values through multiple hypothesis testing, we corrected 

the log-rank Kaplan-Meier p-values using the Miller-Siegmund method (11) well as sub-

sampling (n=1000) based internal cross-validation (10). 
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